FI* A3 A FEBAIERNTFRELT R DL %

Rolling prediction of acute kidney injury using Hierarchical
attention mechanism and Time series model

dh g EEL
gf%§§ﬁ Fujﬁﬁ

Group 6-8. "7 2 =EZF e




1.

Introduction



Introduction - H &

> FEWRBENAT - WS
AARERBEBEISIED - FlRE
—ERHAKI(RMBERIR)ETT
R ERVFRR - WER R RTE
FREIRVTERS D S8 EAKIRYRE =R
ARt - BN EERM L AR
ZRFEUaFEEE - FEaE
AU R R TR ERmER
=89 -




Introduction - S{EE2H

B’EE a5 / Yu-Tzu Chang
KRS R A BT




2.

Motivation



Motivation

> REEEERTHAR
(USRDS ) BOMEI &N oz

= —_— :2-52 ~ E Jalisco [Mexico) ] 355
TN ‘.:.*/%"; B R4 g
Rep. of Xorea -
A—A—
R 3R 12018
reece 2
»:ma 236Sl
ﬂE/u\ r réE J_‘_/L,\% rnawy 222

Canada 200

E1E#E{R513.781B7T BIR : EEBWEHAGR (USRDS)
( B REBE ABEBEIE
ANEIEENS ) -




Motivation

> BRI RS ENAR
& BIETLERE  ATIRE
NEBEEFEETEBES 4B OB (Acute kidney
BERARSET SR SNRE failure » XA Acute
ERGEEHFEEBEAAEEL cidney injurysZAcute
BIET - renal failure) > B35 g
Y e
> EREINERE AR AR - B 20 Ll

FTRIEBRIBRILLRS30~40% - FH
ZABRILEHISE 50% L £ - ~A=E
HESmERE L - &E50~80%LL
FRTREES ANFEEAER -




Motivation

> KDIGO =& 7% : Kidney
Disease Improving Global
Outcomes ( 4= IKE A
fagMAs ) - TEARETE
RAERNEE - ZRGEEE
D= WEAEFTEH
&1 -

SHBERIBINER

RIFLE AKIN KDIGO
[=35) <7 X <48 h 10.3: <48 h
1 50%: <7k
Risk (1) 1 50% 103 0r50% | 10.30r50% <05#@6h
Injury (2) 1 100% 1 100% 1 100% <05#F# 12h
Failure (3) 1200% 1 200% 1 200% or &E#f or <03#@E24h
SCr24 |R FE12h

Loss Eifr>4i8 S,
End-stage &Etr>38 @ ?999 (9;;0

RIFLE: risk, injury, failure, loss, end-stage (ADQI 2004), h: hour
ADQI: Acute Dialysis Quality Initiative

AKIN: Acute Kidney Injury Network (2007)

KDIGO: Kidney Disease Improving Global Outcomes (2012)

B 5 2R


ttps://meddataspeaks.wordpress.com/

3.

Dataset



Dataset

> RAE:
HHRE EEEARE  A88ER%
5 15169 3089
11 8829 3043
17 6258 2831
24 4901 2612
29 3908 2467

BERRR: AR BEREEESER -

Bt E: ZERUR2014%E
2020F B ZmAER}

FREEZRAFRESR185

10



Dataset - Features

BT
> BEARERLEHE - Al
> Mi&#RER: HCT  Creatinine * eGFR * pH * K * BUN
> [MERE R Art BP Mean ~ Art BP Systolic

> REERL FRE

#ZHRE: M E11E4S5 5222 X —Automated Continuous Acute Kidney Injury Prediction and

4/~ SBEBR

Surveillance: A Random Forest Model& - BN @B FAETEmE -

11
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Hierarchical Attention Module(HAM)
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https://github.com/HiTANet2020/HiTANet
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