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e \/S Code

e Python 3.12
e Google Colab
e Vue.js (Vite)
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Accuracy |Recall |Precision |F1
Baseline (EXMRD) 68.36%  |0.4599 |0.8917 0.6068
Our(LLM) 73.23% |0.6013 |0.8550 0.7060
Our(DSPy) 87.51% |0.8270 |0.9302 0.8756
Baseline(with SLR)  |185.97%  |0.8532 0.8552 0.8580
Our(SLLM) 88.56% |0.8851 |0.8900 0.8852
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1.Following Clues, Approaching_the Truth: Explainable
Micro-Video Rumor Detection via Chain-of-Thought
Reasoning

2.Truelens: Video Fake News Detection with Dual Level
Evidence Gathering_and Consolidation
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